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Deep Deterministic Policy Gradient (DDPG)
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Trust Region Policy Optimization (TRPO)
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Minorize-Maximization
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Trust Region
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Importance Sampling
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Results
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Normalized Reward

(light grey) — minibatch NFQCA, (grey) — DDPG, (green) — DDPG minibatch, (blue) — DDPG pixel only inputs
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Conclusion

- General approaches
- Basis for further research activities

DDPG -2 reliability on step size
TRPO -> issues with scalability
(computation)
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